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PERCEPTIONS OF ARTIFICIAL EMOTIONAL INTELLIGENCE (AEI) AMONG
TEACHERS IN KAZAKHSTAN

Abstract

The current study investigates teachers’ perceptions and acceptance of Artificial Emotional Intelligence (AEI) in
teacher education. It particularly focuses on the role of demographic and professional patterns, drawing on data from a
sample of 1.100 educators collected across Kazakhstan. The study employed a quantitative research design, including
descriptive statistics, reliability analysis, group comparisons, and multiple regression analysis.

The study results demonstrate a generally high level of AEI acceptance among teachers (M = 4.37), particularly
regarding its potential to enhance emotional assessment and support in professional development. The AEI scale itself
revealed a strong internal consistency (Cronbach’s o = 0.923), confirming the reliability of the measurement. However,
comparatively lower levels of trust in Al-generated results suggest a gap between positive attitudes and full confidence
in the technology.

The findings suggest that teachers’ attitudes toward AEI are generally consistent across participating groups. In
turn, it challenges traditional assumptions about the extent to which demographic attributes may influence technology
adoption in education. In addition, the observed gap between acceptance and trust shows the need to address ethical
issues. The current study contributes to research in an emerging field of Al in education by emphasizing the role of
contextual and trust-related factors in shaping perceptions of emotionally intelligent technologies.

Keywords: AEI acceptance, AEI perceptions, artificial emotional intelligence, Al tools, Kazakhstan, professional
development, teacher education.

Introduction. Today’s world is experiencing dramatic shifts due to the development of machine
learning systems. There is no doubt that one of them is Artificial Intelligence (AI), which, according
to the Cambridge Dictionary, is “the use of computer programs that have some of the qualities of the
human mind, such as the ability to understand language, recognise pictures, and learn from
experience” [1]. With its emergence, Al provokes the reconfiguration of many other fields, including
emotional intelligence. Therefore, Al systems are becoming highly embedded within educational
platforms to maintain emotional awareness and psychological resilience [2]. However, Schuller &
Schuller [3] highlight that the development of Al still lacks creativity from emotional and social
perspectives. In this sense, current educational landscapes are shifting from traditional, "one-size-
fits-all" training to personalised, data-driven professional development. International studies [4], [5],
[6] reveal that while Al is widely used across various educational dimensions, its role in teacher
training still remains emerging. In this sense, emotional and psychological aspects of learning are
known to affect motivation, engagement, self-regulation, and academic performance [7], [8].
Therefore, emotional intelligence is a critical component in teacher education that influences overall
classroom management [4, p. 117], [5, p. 7], [9], student engagement [10], and teacher well-being
[11],[12].

In this sense, according to the literature, emotional intelligence (EI) is a significant capability of
a person to "understand and respond to feelings, both in oneself and others” [13], while artificial
intelligence is a “technique of creating computer systems that can perform tasks that require human
intelligence” [14]. Although Al has been criticised for its inability to understand emotions, ethics,
and morality, this led to the merger of the two disciplines of Al and EI, which created a new path for
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the AEI in 1995 [14, p. 1]. However, different concepts and definitions exist related to the merger of
artificial and emotional intelligence. In this sense, according to Kambur [15], emotional Al is the
capability of Al systems to detect and interpret human emotions.

However, traditional approaches to evaluating emotional intelligence tend to rely more on self-
report measurement [16], often undermining other methods that enable more dynamic and
longitudinal assessments. In this sense, AEI is assumed to be a transformative tool for assessing
learners’ emotional intelligence by providing data-driven, evidence-based fundamentals [17]. There
are Al-driven systems that are capable of analysing facial expressions, vocal tone, gaze direction,
EEG (Electroencephalography) signals, and written input to infer emotional states with increasing
precision [18], [19], [20]. These technologies are becoming significant since they enable adaptive
learning experiences, providing real-time feedback and tailored interventions that align with a
learner’s emotional needs [21], [22].

Regardless of its potential benefits, Vistorte et al. [17, p. 2] acknowledge potential ethical risks
while integrating Al in a learning environment. Particularly, data privacy and protection,
transparency, and cyber threats remain significant implications for research.

In the Kazakhstani context, ongoing educational reforms and the government's intention to
become an Al Hub [23] might imply the acceleration of innovative technologies in educational
settings. However, there is limited research that evaluates stakeholders’ perceptions of Al adoption
for emotional intelligence, including teachers. In this sense, understanding teachers’ acceptance of
AEI is important for informing effective educational policies. The current study attempts to fill the
knowledge and evidence gap by analyzing the perceptions of teachers on AEL

Therefore, this study aims to examine teachers’ perceptions and acceptance of Artificial
Emotional Intelligence (AEI) in professional development and to assess whether demographic and
professional characteristics influence these perceptions.

The study addresses the following three research questions:

1. What is the overall level of teachers’ acceptance of AEI in teacher training?

2. Do demographic characteristics (gender, age, and education level) significantly influence
teachers’ perceptions of AEI?

3. Do professional characteristics (teaching experience, qualification category, school location,
salary range) affect AEI acceptance?

Methods and Materials. The study employed a quantitative, cross-sectional study to identify
relationships between teachers' demographic and professional characteristics and their perception of
AEL

Sampling. The current study adopted a purposive volunteer sampling design (Jupp, 2006). In-
service secondary school teachers were invited to participate via an online survey link across
Kazakhstan. Although the sampling strategy was purposive, targeting these individuals, their
participation ultimately relied on the willingness of respondents that align with the features of a
volunteer sample framework (Jupp, 2006). Participants were recruited voluntarily and included
teachers of various age groups and levels of professional experience, ensuring sufficient data
variability to address the research objectives. The final sampling size included 1,100 teachers, with a
high concentration of respondents from Turkestan (58.7%) and Ulytau (15.3%) regions. Thus, while
the sample provides sufficient variability, it does not claim national representativeness.

The research instrument is a structured, multidimensional questionnaire consisting of 50 items
(variables) (appendix), categorized into four primary thematic blocks. Block I (Questions 1 to 10)
covered socio-demographic background; Block II (Questions 11 to 40) included the Hall Emotional
Intelligence Test; Block III (Questions 41 to 44) covered professional development; and Block IV
(Questions 45 to 50) addressed perceptions of artificial emotional intelligence (AEI) in teacher
education. The survey was administered via the Google Forms platform. Participation was voluntary
and anonymous, and the average time to complete the questionnaire was 20-25 minutes.

Statistical processing of data was carried out using the R programming 4.6.0 software and
included the calculation of descriptive statistics, Welch t-test, One-way ANOVA (Analysis of
Variance), and Multiple linear regression analysis.
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The study was conducted in accordance with international and national ethical standards,
including the principles of the Kazakhstan Code of Ethics for Research in Education [24] and received
confirmation from IRB of Astana IT University. Respondents received informed consent, whereas
confidentiality and voluntary participation were ensured. The survey was designed to be bilingual
(Kazakh and Russian) to ensure accessibility and clarity for a diverse cohort of educators in
Kazakhstan.

Results and Discussion.

Descriptive findings for demographic and professional items

The study involved 1.100 educators, of whom 17.4% were men (n = 191) and 82.6% were
women (n = 909). The participants’ ages varied from 20 to older cohorts. In particular, those aged
20-30 years old composed 14.0% (n = 154), 30-40 years old 29.5% (n = 324), 40-50 years old 31.3%
(n = 344), and 50 years old and older 25.3% (n = 278).

Regarding the educational level, the majority possessed a bachelor's degree - 84% (923 people),
suggesting a highly standardized professional environment. This was followed by 10% of Master's
degree holders, while teachers with vocational education (5.5%) and PhD holders (1%) remained the
smallest portion.

The teaching experience of participants is remarkably well-balanced. While the novice teachers
(<5) represented 14%, 5-9 years experienced were 12%, 10-14 year experienced were 17%, 15-19
and 20-24 year experienced were 14%, 25-30 year experienced were 11%, and the most experienced
(30<) teachers composed 17% of the sampling.

Geographically, the majority of participants work in rural areas 74.7% (n = 822), and 25.3% of
teachers (n = 278) work in urban schools. The vast majority of participants are from the Turkestan
58.7% (n = 646) and Ulytau regions 15.3% (n = 168), Shymkent city 9.5% (n = 105). Among other
regions, Pavlodar region 2.6% (n = 29), North Kazakhstan region 3.0% (n = 33), East Kazakhstan
region 3.4% (n = 38), Karaganda region 2.4% (n = 26), Kostanay region 2.9% (n = 32), Abay region
0.8% (n=9), Astana city 0.9% (n=10), Almaty city 0.2% (n = 2), Aktobe region and Zhetysu region
0.1% (n=1).

The professional qualification category was characterized by a high level of expertise, with over
75% of the group holding advanced designations such as Teacher Expert (29%), Teacher Moderator
(27%), or Teacher Researcher (22%). Standard Teachers make up a smaller portion at 18%, while
those at the very beginning of their journey Teacher trainees account for just 1.8%, indicating a
workforce that is heavily weighted toward experienced, senior-level practitioners rather than entry-
level staff.

By the type of educational organization, the majority of participants reported working in public
schools, 96.9% (n = 1065), and lyceums and gymnasiums, 3.1% (n = 35).

Regarding salary distribution, the majority (40%) receive 200.000-300.000 Kazakhstani tenge.
Slightly more than one-fifth (22%) receive the lowest salary, between 100.000 and 200.000 tenge,
while about one-third (28%) receive 300.000-400.000 tenge. The smallest share of participants
(6.5%) reported the highest salary of more than 400.000 tenge, whereas 3.5% preferred not to answer.

Descriptive findings for AEI

Overall, the reliability analysis showed that the AEI scale has excellent internal consistency
(Cronbach’s a = 0.923), indicating that the items (Questions 45-50) consistently measure the same
underlying construct, which is the perception of AEI in teacher training. These items were rated using
a six-point Likert scale, ranging from 1 (“Strongly disagree”) to 6 (“Strongly agree”), with no neutral
midpoint. Table 1 presents descriptive statistics (mean and standard ucation. Overall, the results
indicate moderately high acceptance, with some variability in responses.

Items 45-50 were rated using a six-point Likert scale ranging from 1 ("Strongly disagree") to 6
("Strongly agree"), with no neutral midpoint.

The first item, ‘Support for innovative technologies in assessing teachers' emotional intelligence’
was the most strongly supported item (Mean =4.52 (highest), SD = 1.51). This implies that the survey
respondents strongly support technological innovation for assessing their emotional intelligence.
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For the second item, ‘Familiarity with emotional artificial intelligence’ (Mean = 4.49, SD =
1.46), results showed that respondents overall illustrate familiarity about Al tools, suggesting that Al
tools are not entirely new to them. Still, the SD indicates uneven levels of awareness across
participants.

Table 1. Descriptive Statistics for Artificial Emotional Intelligence Acceptance Items

# Item Mean SD
1 Support for innovative technologies in assessing teachers' emotional intelligence 4.52 1.51
2 Familiarity with emotional artificial intelligence 4.49 1.46
3 Emotional Al enables a deeper assessment of future teachers' emotional stability. 4.33 1.51
4 Emotional Al can improve the professional preparation of future teachers 4.40 1.50
5 Emotional Al can help prevent professional burnout among teachers 4.30 1.50
6  Trust in the results of data obtained through emotional artificial intelligence 4.15 1.52
7  Composite Emotional Al acceptance score 4.37 1.28

Source: Compiled by the authors

The third item findings showed that Emotional Al enables a deeper assessment of future teachers'
emotional stability (Mean = 4.33, SD = 1.51). Participants generally believe Emotional Al can
provide more nuanced insights into emotional stability, though opinions vary.

The fourth item results showed that participants overall agree that ‘Emotional Al can improve
the professional preparation of future teachers’ (Mean = 4.40, SD = 1.50).

The results for the fifth item showed that respondents believe that ‘Emotional Al can help
prevent professional burnout among teachers’, though slightly less strongly than for training
improvement (Mean = 4.30, SD = 1.50).

The sixth item, although still positive, was the least endorsed item among the six questions
related to AEI perceptions among teachers (Mean = 4.15 (lowest), SD = 1.52). This suggests that
teachers show some skepticism or caution towards the Al-generated data on emotional intelligence.

The seventh item, which shows the composite Emotional Al acceptance score (M =4.37, SD =
1.28), suggests that, on average, respondents agree with the use of Emotional Al in teacher
preparation.

To sum up, the findings demonstrate an overall positive perception of Emotional Al among
respondents (M = 4.37). The highest level of agreement pertained to the support of innovative
technologies (M = 4.52) in assessing EI, while trust in Al-generated results demonstrated
comparatively lower agreement (M = 4.15). Despite overall favorable attitudes, the relatively high
standard deviations indicate variability in perceptions, suggesting that while Emotional Al is widely
accepted, users remain less confident when it comes to fully trusting its results.

Model findings

This section summarizes the results of inferential statistical tests examining whether different
demographic and professional characteristics are associated with teachers’ AEI acceptance. The
group differences were first examined using independent-samples t-tests and one-way ANOVA
(Table 2). This was followed by a multiple linear regression model that included all predictors
simultaneously. The key takeaway is that the overall regression model was not statistically
significant, three individual regression coefficients were statistically significant after controlling for
the remaining variables.

Table 2. Summary of Group Comparisons and Regression Analysis

# predictor test statistic p_value interpretation
1 Gender Welch t-test t(259.78) = -0.03 978 Not significant
2 Age One-way ANOVA F(3,1097)=2.36 .070 Trend-level only
3 Education level One-way ANOVA F(4,1096)=1.99 .095 Trend-level only
4 Teaching experience One-way ANOVA F(6,1094)=1.97 .067 Trend-level only
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# predictor test statistic p_value interpretation
5 School location Welch t-test t(536.22) =0.10 924 Not significant
6 Salary range One-way ANOVA F(5,1095)=1.82 .105 Not significant
7 Subject group One-way ANOVA F(8,1092)=1.74 .085 Trend-level only
8 Institution type One-way ANOVA F(7,1093)=1.58 138 Not significant
9 Qualification category One-way ANOVA F(8,1092)=1.12 .345 Not significant
10 | Full regressionmodel | Multiplelinear gy 1056)— 134 075 Model not
regression significant

Source: Compiled by the authors

As demonstrated in Table 2, the t (t-statistic) is used in t-tests to compare the means of two
groups (e.g., male and female, urban and rural), while the F (F-statistic) is used in ANOVA and
regression to assess differences among multiple groups or the overall model fit. In both cases, larger
values indicate stronger differences or effects, but statistical significance is determined by the p (p-
value), which reflects the probability that the observed results occurred by chance. Typically, p < .05
indicates statistical significance, p < .10 suggests a trend, and p > .05 indicates non-significance.

A multiple linear regression (Table 3) examined the association between demographic and
professional characteristics and teachers’ AEI acceptance. The regression model was not statistically
significant, F(43, 1056) = 1.34, p = .075, explaining 5.2% of the variance in AEI acceptance (R* =
.052, adjusted R* = .013). Variables including gender, age, education level, teaching experience,
school location, salary range, and qualification categories were not statistically significant (p > .05)
after controlling for the remaining variables. However, teachers in social sciences (B = 0.89, p =.042)
and in Arts (B = 0.45, p = .041) and respondents employed in institutions classified as “Other” (B =
0.61, SE = 0.295, p = .039) showed significantly higher AEI acceptance than those in the reference
groups.

Table 3. Multiple Linear Regression Predicting Teachers’ Emotional Al Acceptance

Predictor Reference Category | Significant Comparisons (B, 95% Ci) Overall p-value
Gender Female None .879
Age 20-30 years None .069
Education level Secondary None .052
Teaching experience <5 years None 275
School location Rural None 576
Salary range 100200k KZT None 366
STEM/ Arts/Technology: B =0.45 (0.02,
Subject group Natural Sciences 0.89); Social Sciences: B =10.89 .050
(0.14, 1.63)
Institution type General Secondary Other: B = 0.61 (0.03, 1.19) 399
P School ) ) T '
. . Administrative/Other
Qualification category Professional Role None 791

Source: Compiled by the authors

Overall, the findings suggest that although three individual categories exhibited statistically
significant positive associations with teachers’ AEI acceptance, the overall regression model was not
significant explaining a small proportion of the variance. Therefore, other factors than demographic
and professional characteristics may play a decisive role in shaping teachers’ AEI acceptance.

It is important to note that only nine predictors were included in the regression model (Table 4).
However, because these nine predictors were categorical variables with multiple levels, they were
entered as factors using R’s default treatment (or dummy) coding. The first category served as the
reference group (Table 3).
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Consequently, in this model, the nine predictors were expanded into 43 regression parameters

(dummy variables), explaining the numerator degrees of freedom reported for the overall model,
F(43,1056).

Table 4. Coding of Categorical Predictors Included in the Regression Model

# Predictor Number of Categories Dummy Variables
1 | Gender 2 1
2 | Age 4 3
3 | Education level 5 4
4 | Teaching experience 7 6
5 | School location 2 1
6 | Salary 6 5
7 | Subject group 9 8
8 | Institution type 8 7
9 | Qualification category 9 8

Source: Compiled by the authors

Since the model included multi-level categorical predictors, multicollinearity among the
predictors was evaluated using Generalized Variance Inflation Factor (GVIF) (Table 5).

Table 5. Generalized Variance Inflation Factor results

# Predictor Adjusted Gvif
1 | Gender 1.20
2 | Age 1.40
3 | Education level 1.11
4 | Teaching experience 1.23
5 | School location 1.12
6 | Salary range 1.10
7 | Subject 1.06
8 | Institution type 1.15
9 | Qualification category 1.18

Source: Compiled by the authors

As shown in Table 5, adjusted GVIF values ranged from 1.06 to 1.40 well below commonly
accepted thresholds (< 5). This means that multicollinearity showed no evidence of problematic
collinearity among the nine predictors.

Overall, while a few predictors in this dataset show significant tendencies (p-value between .05
and .10), signaling possible weak relationships, but these are not robust enough to draw conclusions.
Relatively, the full regression model is not significant (p = .134), explaining 5.2% of the variance in
AEI acceptance (R* = .052, adjusted R =.013). This indicates that all demographic and professional
items combined do not meaningfully explain variation in the AEI perception (dependent variable).
These could be important findings, which mean that overall AEI perception is not substantially driven
by demographic and professional characteristics but by other individual and structural features. To
sum up, the inferential analysis revealed no statistically significant differences across demographic
and professional variables towards the dependent variable, perceptions of AEL. While age, teaching
experience, and subject group demonstrated trend-level associations (p <.10), these effects were not
robust. Furthermore, the overall regression model was not significant (F(43, 1056) = 1.34, p =.075),
indicating that the included predictors do not meaningfully explain variation in the dependent
variable. These findings suggest that the observed attitudes are relatively consistent across different
teacher groups.

The findings of this study reveal a consistently positive perception of Artificial Emotional
Intelligence (AEI) among teachers, with a relatively high overall acceptance score (M = 4.37).
Concurring with international literature [5, p. 5], [17, p. 2], the study findings show that teachers
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generally welcomed the use of AEI technologies. Therefore, the high level of support for innovative
technologies, particularly in assessing emotional intelligence, may reflect an increasing recognition
of the role of digital tools in enhancing pedagogical practices across the country. It is important to
note that statistically significant differences across most demographic and professional characteristics
were relatively homogeneous. This potentially could be explained by a centralized structure of the
national education since the results had consistent expectations and practices across almost all
variables [25]. Moreover, Kazakhstan has recently implemented nationwide strategies aimed at
digitalization of the education sector, including Al-initiatives, expanding digital tools, and
professional development [26]. While these initiatives may contribute to consistent positive
perceptions of AEI among teachers in Kazakhstan, future studies should consider more accurate
selection of participants across all regions to ensure generalized results.

In addition, the fact that many teachers already have access to various Al platforms may reduce,
for instance, the gender gap in AEI acceptance. Many education practitioners may already have
experienced perceived usefulness through their regular interaction with generative Al tools [27]. This,
in turn, may have contributed to the homogeneous results observed in this study.

Nevertheless, the study results indicate a notable gap between acceptance and trust among the
participants. This is revealed by the results, where trust in Al-generated results was comparatively
lower among teachers, despite their high support for the use of AEL This divergence suggests that
although educators are willing to engage with Al-based tools, they may still hold reservations
regarding the accuracy, transparency, and ethical implications of such technologies [14, p. 12]. This
aligns with broader concerns in the literature on Al in education, where trust is often identified as a
critical factor influencing adoption and sustained use [28].

One of the most important findings of this study is the absence of statistically significant
differences across demographic and professional variables. Factors such as gender, age, education
level, teaching experience, and school context did not significantly predict teachers’ perceptions of
AEI This challenges common assumptions in technology adoption research, which often emphasize
the role of individual characteristics in shaping attitudes toward innovation.

Conclusion. This study examined teachers’ perceptions of Artificial Emotional Intelligence
(AEI) by exploring whether demographic and professional factors might be associated with these
perceptions. The findings demonstrate that teachers possess generally positive attitudes toward AEI
to enhance emotional assessment and professional preparation.

Nevertheless, the study results revealed a gap between acceptance and trust since teachers had
cautious attitudes toward the reliability of Al-generated results. Therefore, despite its successful
adoption and positive attitudes shown by participants, AEI’s application needs to consider its ethical
usage.

Importantly, the absence of statistically significant differences across demographic and
professional variables shows that AEI perceptions are relatively consistent among participants.
Therefore, this may question the application of traditional assumptions about technology adoption,
suggesting that attitudes toward AEI may be shaped by institutional or broader contexts rather than
by individual characteristics.

The current study contributes to an emerging field of research on Al in education pointing out
to the need to explore issues of transparency, ethics, and trainings beyond demographic attributes.
Practically, policymakers, researchers, and educational institutions may consider prioritizing building
trust in AEI systems by ensuring particularly ethical challenges while integrating AEI in the process.
Further implications may explore underlying reasons for consistent perceptions towards AEI and
investigate how teachers’ lived experiences with Al shape their attitudes over time.
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KA3AKCTAHIAFBI MYFAJIMIEPAIH JKACAHIBI DMOLIMOHAJIIBI
UHTEJJIEKTKE (K1) KATBICTbI KABBLJIJIAYJIAPBI

Anoamna

By zeprrey XKacanner Omoumonanael Muremnekrrin (CKOUW) mMyranimaepai oKbITYAaFbl ieMOrpadUsuIbIK KIHE
KociOu cumaTramanapiabl Herisre ana oOTbIpbln, ojapablH JKOW kaOwsuimaywsiH 3eprreiini. Kasakcranpmarer 1100
NIeIarorThIH apachlHAH ANBIHFAH JAEPEKTepre CYHWeHE OTBIPBHIN, 3EpPTITEYyAE CHNATTaMaJbIK CTATHCTHKA, CCHIMIUIIK
TaJIAAybl, TONTHIK CAJBICTBIPYJAp JXOHE KONTIK PErpecCHsUIBIK TalfAay[bl KaMTUTBIH CaHIBIK 3€pTTEy IU3aiHBI
KOJITaHBLTAIbI.

3epTTey HoTIKenepi Myranmimaep apacsiaaa JKOUW-mi kaObUnayIblH KAl KOFaphl MeHreilin kepceremi (M =
4.37), acipece OHBIH 3MOLMOHAIIBI Oaramaynpl >KakcapTy JKoHEe KociOM maMynsl Kojijay aneyeriHe KaTelcTel. JKOUN
IIKaJIACHI JKOFapHI iMIKi coiikecTikTi kopcerTi (Cronbach’s a = 0.923), Oy enmeyaiH CeHIMIUTITIH pacTaiasl. JlereHMeH,
DU xacaraH HOTWKENEpre JETeH CEHIMHIH CaJbICTRIPMAIbl TYPJIE TOMEH JICHrelli OH KO3KapacTap MEH TEeXHOJIOTHsIFa
TOJIBIK CEHIMJIUTIK apachbIHaFbl ajIIaKThIKThl KOPCETEII.

3eprrey HoTHkenepi myFanimaepain KOV -re gereH ke3kapacsl 9pTYpJii TONTAp/Ia CABICTEIPMAJIbI TYPJE TYPAKThI
eKeHIH KepceTelli, OyJl TEeXHOJIOTHSHBI EHri3yre IeMOrpadusuIbIK acep €Ty Typaibl JSCTYpJli Ooinkamaapra KYMoH
kenripeni. COHBIMEH KaTap, KaObUIAay MCH CEHIM apachIHIarbl OafiKaiFaH ajlIaKThIK allbIKThIKKA, CCHIMIUTIKKE JKOHE
STHKANBIK TaianaHyra KaThICTBI Macejelepli LICHIyAiH MaHBI3JbUIBIFBIH KepceTeli. bys 3epTrey SMOIMOHAIIBI
MHTEJJICKTYaIbl TEXHOJIOTHSIIAPABl KAaOBUIAAybl KaIBINTACTHIPYNAFbl KOHTEKCTIK JKOHE CeHIMre OaiaaHBICTHI
(akTopIapaBIH POJIH aTal eTy apKbUIBI OilliM OepyIeri jkacaHIbl HHTEIUICKT OOMBIHIIA 3epTTEYNIEpAiH JaMybIHA YIIeC
KOCaJIpl.

Tyuinoi cesoep: XOU xabbuimay, KOU Typansl TYCiHIKTEp, >KacaHIbl SMOIMSIBIK WHTEIUICKT, >KACaHIIBI
MHTEIUIEKT Kypaiaapsl, Ka3zakcran, kocion gamy, MyFaliMAepai OKBITY.
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BOCHPUATHE HCKYCCTBEHHOI'O SMOIIMOHAJIBHOI'O MHTEJIJTEKTA
(M2ON) CPEIU YUUTEJIEU B KASAXCTAHE

AnHomayus

B nanHOM HccnemoBaHWUM HM3y4yaeTcsl BOCHPHUATHE W MPUHATHE YUUTEISIMH HCKYCCTBEHHOTO SMOIMOHAIBHOTO
naTeuiekta (MOW) B memarormdeckoM oOpa3oBaHWM, C OCOOBIM BHHUMAaHHEM K pONH J1eMOrpadUuecKux W
po¢eCCHOHANBHBIX XapakTepucTuk. Ha ocHoBe maHHBIX BbIOOpKH u3 1100 memaroros Kaszaxcrana mcmosb3oBacs
KOJIMYECTBEHHBII METOJ] MCCIIEIOBAHUS, BKIIOUABIINHA ONMHCATEIbHYIO CTATHCTUKY, aHATU3 HAJAe)KHOCTH, CPaBHEHHE
TPYII ¥ MHO>KECTBEHHBIN PErpPEeCCUOHHBIN aHATH3.

KonuuectBeHHbIe pe3ysbTaThl JaHHOTO MCCIIEIOBAHUS MOKa3alld, B LEJIOM, BBICOKMH ypoBeHb npuHatus MOU
YYUTENAMH. ITO OBUIO 0COOCHHO BBIPAXKCHO B OTHOIICHUH €TI0 OTCHIIMAIIA IS YIIYYIICHHS IMOIMOHAIFHON OLICHKHU H
MOJICPKKH  TIpodeccroHanbHOro pasputus. Cama mkama MDOW mpomeMoHCTpHpoBaia BBICOKYHO BHYTPEHHIOO
coritacoBanHOCTh (Cronbach’s o = (0.923), 4To B CBOKO OYepe/Ib MOATBEPKAACT HAIS)KHOCTh U3MepeHus. Tem He MeHee,
CpaBHUTEJILHO HU3KUH YPOBEHD JOBEPHS K pe3ysibTaraM, nonydeHHoe ¢ nomouisio MU, ykaspiBaeT Ha HaJlm4uue pa3pbiBa
MEXAY MOJIOKUTEIbHBIM OTHOILIEHUEM M BBICOKOM YBEPEHHOCTBIO UCTIOIb30BaHus MOU.

PesynbpraThl Takke INOKa3ajdd, 4YTO OTHOLIEHUE PECHOHAEHTOB K M HeceT OTHOCHUTENBHO COIVIACOBAaHHBIN
XapakTep, CTaBs IMOJ COMHEHHWS BIWSHHE KAKUX-THOO MpodecCHOHANBHBIX WU JeMorpaduueckux (HakTopoB Ha
BHEIpPEHHUE TeXHOJoruu. Kpome Toro, cymecTBYIONMiA pa3phiB Mexay npuastaeM DU u noBepuem, B CBOIO odepeb
YKa3bIBaeT Ha BAYKHOCTH BOIIPOCOB O IPO3PAYyHOCTH, HAAEKHOCTH W JTUYHBIM WHTerpupoBanmeM NMOU B chepe
obpazoBanus. Pe3ynbTaTel M MHTEpIpeTanus JaHHOTO HCCIEAOBAaHWS BHOCHT BKJIaJ B Pa3BHBAIOMIYIOCS OONACTh
nccnepoBanuii mo UOU B 0O6pa3oBaHNH, MOTICPKUBAS BAXKHYIO POJIb KOHTEKCTYAIBHBIX M CTPYKTYPHBIX (haKTOPOB.

147



©pney. Y3gikci3 6inim »xapubicbl — Opney. Bectn HenpepbiBHOro obpasoBaHms. Ne3(54)/2026

Knioueswvie cnosa: npunstue DU, Bocnpusitue DU, nckyccTBEHHbIH 3MOIMOHATIBHBII HHTEIIEKT, HHCTPYMEHTBI
WU, KazaxcraH, npodeccnoHaIbHOE pa3BUTHE, IIEAarornieckoe oOpa3oBaHue.

Received: 06.05.2026

Approved after peer review: 22.07.2026
Accepted for publication: 25.09.2026

148



